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1- Back Propagation

2- Quick Propagation

3- Gradient Descent

4- Levenberg Marquardt
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7- Correlation
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9- Sigmoid
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Abstract

Existence of many effective parameters and the variation range of suspended
sediment load cause low accuracy of sediment rating curve. So the novel
approaches such as artificial neural networks since it consider many independent
variables are suitable. In this study, three various cases were used for estimation of
suspended sediment load. In the first case, as compared with sediment rating curve,
the suspended sediment discharge was considered as a function of flow discharge.
In second cases the suspended sediment discharge was considered as a function of
water discharge in mentioned time and water discharge occurred one day before. In
third case the suspended sediment discharge was considered as a function of water
discharge in mentioned time and water discharge occurred respectively one, two
days before. The results showed that the artificial neural networks with (R*=0.979,
MSE=0.0011) can be used for estimation of suspended sediment load in
comparison with sediment rating curve approach with (R°=0.778, MSE=0.043).

Keywords: Suspension load, Artificial neural networks, Perceptron, Back propagation,
Behesht Abad watershed
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